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Background g

= Performance in matric maths has been a reliable .
predictor of performance in commerce courses
and has been integral in deciding who will be
admitted to study in the commerce faculty at Wits.
= 2009 was the first year that students matriculated
with NSC maths
Increase of students admitted to Ecos1 in 2009
raises the question: is NSC maths a reliable signal
of ability as HG maths was?
If the reliability of matric maths as an ability signal
has deteriorated, students with no chance of
passing could be admitted and university resources
will be wasted.

AMERU

School math mark as an ability predictor

"
™

Math mark: HG vs NSC = g

Za, -
e e

20 40 60 80 100

HG 2008 NSC 2009

AMERU

School math mark as an ability predictor \{.,-:’-:n.*’

Distribution of test marks (Economics Test 1)
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Objectives

= The paper aims to estimate the predicte"a
score for HG maths for students who
wrote NSC maths.

= Determine the real level of ability
(compared to HG students’ abilities) that
an NSC score indicates.

= This information may be used to adjust
the admission requirements accordingly.
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Methodology - data used
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= Students in both 2008 and 2009 wrote
comparable first tests for both Ecos1 and
ComMaths.

= |nformation from application forms,
scores for Ecos & ComMaths tests
combined with students’ scores they
obtained for either matric and NSC
maths, make up our data set.
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Methodology - regression used

= We estimate a regression of the following form on the
Matric sample:
y;=a +X;8+6test, +¢;

Where:
= y,is the result that an individual obtained for HG Matric
maths;

= qisthe constant term;

= x;is a vector of individual specific characteristics including
gender, race, home province, whether the individual lives in
residence and whether the individual has financial aid;

= testis the test score that an individual achieved in either
ComMath test O or Ecos test 1

= The results from this equation are then used to predict the
HG maths score that the NSC students would have obtained.
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Math mark: actual and predicted (HG vs NSC) : g @
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VAR ABLES NATFERRTT CS G Coib | VATFENATT CS G comb | WATFENATI CS HG Cor | VATFERATI CS HG comb
— — —
testl 0.484*** 0. 292+ 0. 482+ % 0.249%
(0. 0268) (0. 127) (0.0276) (0. 137;
testl 2 0. 00194 0. 00234%
= — = N Em
0_B66; (0. 867) (0. 889 (0. 888]
el anquage | 2 027 3 084* 5167 3_400°
(16807 (L 702 (L7367 (1775
Black -2.748 -2.533 -2. 664 -2. 412
(1.718) (1.738) (1.783] (1.811)
Col oured -8 311777 -8 190" %% -8.208"%% -8. 0657 %%
2001 (2.008) (2.1%9) (2. 138)
Tndian 1.438 450 1.062 1.054
(11857 (L 188) TL.257) (L2572
= 2153 Tor
(ERIw) {3-303]
EC 4.512% 547*
(2.59%] (2.521)
KZN 115 111
(L 62y L 651)
LIVPCPO. . 0534 0292
(2137 2.149)
L 585 Z3in
(2.320) 2.781)
T 730 589
(2.919] (2.575)
NC 7. 7617 % 8.304* %
(1023 (L. 106)
e -4.784 113
T5.600) (5.712]
finaid -0.272 -0.461 -0.828 988
T 435 (1 425] 146 (1 446]
VTS REST DENT [ 4. 1757~ 77557 37T 02T
(1.321) (1.342) (1.511) (1.507)
Constant 42,827 % 46.92%+% 43. 25’ 48.24%*%
2.123] 3.322) 2. 209] 3. 540}
Observations 619 619 586 586
squar ed 0. 403 0.405 0.418 0.420
*p<0.0T, "% p<0.05,_ 7 p<0.1
Robus{_standard errors in parentheses
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Predicted 80-100 | 70-79 B0-B9 50-59 40-49 3039
Percentage
Matric, A B C D E F
Actual NSC
ComMath — Mean | 8345 | 8621 | 7683 | 6090 | 6227 | 6525
linear,
provinces
Std dev | 2.38 71 957 4972 772 16.13
- non-linear, Mean
provinces 92 65 84.87 78.48 67.63
Std dev 344 174 10,18 978
Econ — linear, Mean 88.18
provinces 85.69 7741 68.99 65.52
Std dev | 7.14 800 933 11.20 886
- non-linear, Mean 89.18
provinces 85.27 77.22 68.82 B64.69
Stddev | 714 801 982 108 £
AMERU




School math mark as an ability predictor

.

Distribution of test marks (Economics Test 1)
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Conclusions

= The NSC maths scores definitely do not

signal the same ability as the HG maths
scores used to.

= Either admission requirements need to
be more stringent or alternate
admissions tests need to be used to
determine ability and admission
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